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 The W3C provides access to a huge volume of data and the entire data present in it can 
be either identified or searched with the help of a search engine. The role of a search 

engine (used for retrieving the data stored in it) is unanimous. The server supported 

with the log file enables access to the data that is to be searched and accessed earlier. 
The role of FP tree provides access to the data along with user information and finally 

creates a web log file. In this effort the studies was focused with the pattern search 

which is a means to access enormous data volume and provide effective search result in 
the form of FP tree. The effectiveness of this study is the template creation, which was 

created then and there and hence the growth of the FP tree was not affected. The result 

of the study provides lower complexity irrespective of the data size that is provided as 
input parameter. The updated result was tested with enormous data out of which a 

minimum of 1, 00,000 test data provided effective result on analysis 
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INTRODUCTION 

 

 The scenario of data usage and retrieval by users who are accessing W3C for information sharing and 

accessing makes the downpour of enormous data. The data base size differs based on users search and retrieval 

during the course of action. The unformatted data received has to be segregated with data filter. In order to 

provide interface Etzioni.O(1994) between the data and the user, despite the functionality of search engine it 

needs high data centric with various concentration proportion and this concentration can be extended to search 

engine automated answering system Scheffer.T (2004).  Irrespective of the web structured data, most of the data 

search engine mechanism works with data mining concept searching data using web mining Senthil Pandian 

(2014) for frequent item Agarwal.R (2001) and information search.  

 The search engine process come across few hitches like overabundance in which data volume is really huge 

and it is difficult to trace the exact data due to complexity of data volume comes with valid and invalid data 

(subsets) sets to limited coverage. Complexity grows as data volume grows. The searching process was handled 

by query and the purpose is to provide index for direct accessing to the data and it leads to customized search 

with the tag name limited query followed by the user who posted the query. 

 Generalize approach of web search engine Cooley.R(1999) allows the search engine to be customized by 

the user with the keyword to be searched in the search engine and result in hierarchical tree which consists of 

several levels of various data, articles to be searched. The queries posted to categorize equivocal documents are 

very short to possess sufficient information. Such approach is cross checked with server side web log files along 

with client machine IP, page origination, time of request and the agent information for updating browser 

activities for user query in particular. The web log file grows as the search continues based on time. This 

followed by pattern utilization for performance monitoring.  For producing better result we have addressed this 

using FP tree data structure for providing frequent pattern on the data stored in the web log files. While citing 

the work of Grahne.G (2000), the usage of web templates TRIE mechanism from web log file was well 

addressed in the work of Han(1999). Using prefix tree stores relevant quantitative information of user web log 

interface classified using consensus tree for rapid access of data’s in templates. 
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 The nodes of the tree possess the Information of pattern and tree traversal provides other information of the 

page like keyword, search time, search through put and other valid information for seen with index buckets to 

store frequent pattern and its mutations for better selectivity.  

 The work of DeRaedt(2001),Deerwester.S (1990),Han(1993), Garofalakis(1999) andBerners-Lee (1994) 

projects the impact of CBFP will negotiate the growth of FP tree and some of the concepts like TRIE that deals 

with the principles of consensus tree followed by rule based constraint whose are the work of 

Han(1999,2000)respectively. This is for applying mutations and classification as addressed in the work of 

Thirumoorthy (2014) where they have addressed with k-nearest neighbor classification[46]for accessing the leaf 

node of FP tree. Incorporating all the concepts evolves our work using FP tree using constraint based frequent 

pattern mining accessing template of dynamic web log file.  

 The results of CBFP are the web template that answers the queries. The queries may be of composite of 

generalized keyword, data relevance based on keyword, deploying narrow based search with respect to time and 

the complexity of the search query. The format of CBFP is the resultant of TRIE structure for accessing 

maximum keyword stored in the FP tree (generalized query) to speed up the process. In addition CBFP provides 

clear visibility of search template files shown in the format of FP tree that address dynamic search process made 

with new search in comparison with consensus tree. This adoption of search strategy is based on particular 

sequence search progress which is dynamic based on user interest.  

 It starts with input data with frequent data matching followed by the instance in the search template. The 

template holds the information for all accessible keyword with certainty of data found in the web log file. It also 

deals with CBFP for defining user constraint by searching the desired keyword in minimum time. 

 The contemporary issues of keyword search in the web log file to access the data frequency was done with 

frequent pattern data structure by Craven(1999). This was done with two major processes like browsing and 

searching to add up with updating data structure for easiest and fast retrieval of data present in the weblog file. 

Ample work was done; in this the counterpart addresses the importance of updating data structures. 

 Updating web log file will never store previous updates and its lead to data misconception. User 

accessibility differs for one another so as the web log file. The updated web log file uses CBFP (proposed) for 

data search in templates with its frequency updates.  

 The organizations of this work were addressed by novel data mining method, for finding the facts and 

figure of the updates in the web log file. The resultant web log files stores the log information of present and 

past and were displayed in the form of FP data structures. The data traversal path for searching a data takes less 

time by neglecting unwanted data and its web templates. The proposed work significantly improves the weblog 

performance that satisfies user data and its updates. 

 On literature survey, CBFP algorithm with TRIE data structure, FP tree growth process, identifying the data 

in weblog file displays the search result in FP tree and finally with future enhancement. 

 

Literature Survey: 

 The existing work addresses the concept of content and structure mining David (2008),Balabanovic.M 

(1995). The implication of web log data structure is dealt in Chen Li (2008). The links and its prediction using 

Web watcher systems Armstrong.R (1995) its user prediction in the form of link referred interested and non 

interested pages are focused in Armstrong (1995). Similarly the predicted or interested user link concept by 

David (2008) was addressed in the proposed work. Work on web utilization miner work is based on association 

rule that provides weblog file using advanced search to grasp the user preference identified by users' clicks 

made was addressed with user click streams concept Cooley (1999).The result of this work provides the user 

browsing path and analyzes the information based on user's browsing. The sharing of information using mining 

and analyze user preferences will prevent from breaches. Using association rule mining the webpage is 

reconstructed based on user queries Etzioni.O(1994), conceptual analysis for analyzing browser behavior using 

personalized web search Cooley (1999, 2000) displaying the content based on user interest with semantics Chen 

Li (2008), clustering and classifying weblog data Haibin Liu (2007), frequent pattern mining, search engine 

optimization Boyan.J (1996), mining challenges for easier browsing Craven (1999).  

 The double prediction by partial match scheme Heung Ki Lee (2009) using Apache provides efficient 

memory aware system. The concept is linked list tree for web accessed data was available with active patterns 

and done with recursive algorithm. The idea of web traversal pattern mining analyzes past and present using re-

mining concept Jia-Ching.Y (2009) and the result was achieved with link matrix. Overcoming of supervised 

learning Nguyen.M.T (2010) removes the problem of handle sequence based on selective link attributes. The 

large volumes of data stored in the web log file Hawwash.B (2010) affected by un-supervised learning, were 

scalability and profile tracking. The inference was Rui.W (2010)Panagiotis.G(2010)  in web log it does not 

provide efficient result in case of enormous data. 

 The need for synthetic data generator uses Dependency Graph Griffioen.J (1995) and Prediction for 

compression by partial match and provides result for predictive pre-fetching. The Dependency graph 
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performance becomes low and its accuracy is less when there is increase in the web log file size and its due 

fixed length transaction for accessing data from the web log file based on user constraint.  

 With the above insight the focus is to identify the CBFP based template and retrieve cache hits irrespective 

of size. The resultant template would be efficient and accurate providing exact information based on constraint. 

The constraint level focus on user interest and the data to be discovered and displays the data in FP tree format. 

In extent, CBFP patterns with data structure, the user constraint, and their update improves server performance. 

 

Trie Structure: 
 TRIE projects the data retrieved from web log file in the format retrieved with dependencies of user interest 

with updated CBFP pattern. This data is generated automatically by the web server with its operations. To 

investigate on server performance, the pattern and its usage of frequent pattern mining (FP) was implemented. 

FP tree growth projects on TRIE structure with user interest (Constraint based). 

 

Activity log file entry: 
 Log file entry targets the log knowledge which preprocesses the data gathered with the help of mining 

algorithm. Generally it accepts 3 kinds of input parameter as (i) Frequent pattern – which accepts frequently 

visited pages (ii) its time interval (iii) finally the mining sequence involved. The result of these parameters 

creates frequent pattern template that focus on various topics the user inquisitive about with different dimension 

showing alternate ways. Previous work produces result till pattern analysis and our work produces result of 

Frequent pattern Generations with template generation shown in Fig 1. The web mining program consists of 

quest engine with answers for every queries raised to the server as addressed by Senthil Pandian (2014). The IIS 

log file entries produces results based on user access to the server. Every entry has session symbol, timestamp 

and the URL of the visited web content.  

 User trails will be reconstructed and mistreatment of the methodology as Outlined by White and 

Drucker(2007).Here a tendency to extract arises from the logs of windows toolbar users and then user 

navigation is summarized with the help of browser path. The search trail that originates of question submission 

in search engine is measured by trails square. Hence, these search trails become the main source to coach the 

algorithms in case a similar question is repeated which is dealt in the following section. Every entry has session 

symbol, timestamp and the url of the visited web content. The session is balanced with session id, session time, 

and the domain URL. 

1) Re-submission of question in search engine as discussed by Bilenko and White (2008) until the search engine 

terminates the process until it displays the information satisfying the search criteria. 

2)  The hyperlinks sequence is either checked for its consistency or multi-level search till the desire search 

strategy is met. The strategy deals with search path by eliminating the quantity of noise [Generally, a noise is a 

different paths that arises while searching for a relevant task or keyword by a user]. 

 Pre-processing of data involves five steps per search path which are; log entry (associate anonymous 

session symbol, a timestamp and URL). The IIS records user activities data based on search processes that is 

supported by pre-processing for generalizing data mining formula. The net log provides the breakup knowledge 

of protracted sequence of users URL sessions. the retrieval of associated user session is arrived by sequential 

netlog entries(which will be two).In  data-cleaning, users could share an equivalent IP address and also the same 

user can also appoint a totally different IP address at different times therefore it leads to a completely different 

sequence of visit at varied times. Lastly it satisfies the requirement of knowledge cleanup. Most add mining use 

a predefined interval to seek out the visiting session and it is attainable to get a lot of data concerning user 

sessions than employing a fastened interval. The learning of website grouping leads to bunch analysis which is 

highlighted by Lou et al.(2002) and the ways of using the same under cluster analysis. The session wise user and 

webpage updates are known when user switches his session. Finally, mistreating this data to chop and choose 

the net pages, a lot of correct user session data is obtained. 

 To identify the user: spotting the user by themselves and also through the cookies is the way in which the 

identification happens among the user and guest. Apart from that the domain id also contributes in 

identification. We’ve enforced a lot of general technique to spot user supported as shown by Cooley (1999). The 

follow up is that the last criterion that insists of FP tree origination with user identifications with the visited 

page. 

 

Working with Session Management:  

 The user session has relationship with the Pattern discovery result because any identical user at the intervals 

the length of one specific website visit corresponds to user session. In line with this the citations Han (2000), 

Perkowitz.M (2000) has focused on page square measure. This measure should not exceed the pages visited 

stored with the session. We tend to consider the log data as a sequence as discussed by Ou et.al (2005) of 

distinct sites, where subsequent user sessions are discovered by remarkably long gaps between consecutive 

requests. 
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 The Table 1 reveals that prime focus is on technical problems and is frail structured of weblog file 

information. The exploration of weblog file tends to maximize the search based on user behavior that are 

revealed after successive steps namely square measure of net log and domain consultant for deploying 

operational level in supporting the choices. 

 The above steps results in super ordinate thought of information-data mining that is associated with the 

degree of integrated weblog file (source taken from diary mining). The preprocessed weblog file results in 

evaluated square measure which are shown in the Table 2. 

 Since the previous experimentation does not give any satisfactory result towards handmade templates that 

are generalized, cowl too several incorrect queries and therefore have an occasional accuracy, incorrect 

keyword(s) and finally the generalized search keyword.  Tree made by CBFP mining algorithmic program 

addresses the primary drawback victimization level constraints followed by square measure that handles 

constraint based frequent mining along with its rules. The fundamental plan of Apriori algorithm and CBFP tree 

methodologies are used to make the search generalized. 

 Algorithmic program deploys pattern and level-wise downward tree construction that result in weblog file 

and it is given as input to CBFP of FP tree growth. Considering each node that are received as the result of 

weblog file were classified for changing the behavior aspects of FP tree and produce different path of access of 

the similar nodes. 

 
Table I: Log file format. 

Field Name Description 

host IP/DNS address of the http client that made the request 

rfc931 Client identification consens using to rfc 931. 

authuser Login name used by the client for authentication. 

date time The date and time stamp of the http request, and the time-zone of the server. 

request 
The http request contains the requested resource (e. g. “index.html”), the http method (e. g. “GET”) and the 

http protocol version (e. g. “1.1”). 

status code This field indicates the success or failure of the http request. 

bytes Number of bytes transferred 

referrer The URL the client visited before coming to the website. 

user agent Web browser and operating system used by the client. 

 

 As the similar node of the FP tree has different paths that are used for accessing the queries and the results. 

Explicit nodes are liable to the downward tree traversal property and the strategies are made based on each and 

every level that produce frequent accessed information (article) along with the searched keywords. 

Generalization of weblog templates makes a pair of relative keyword that associates with valid time lined 

measures and its extension. In order to store the weblog entries a linked list is employed as per the CBFP mining 

rule features that are compacted with affordable time complexions and in-house complexions. 

 The description shown in Table 1 reveals the technical problems and the frail structured of log file. 

Therefore, it's potential to investigate log files to achieve insight into visitor behavior with the organized weblog 

file information. Such measure makes square measures that are formalized among the net weblog mining 

method as mentioned below. 

 The patterns obliged by domain consultants, and it’s deployed to support choices at operational level which 

build the super ordinate thought of information association. To follow with the degree integrated method of 

gaining information from data as log pre-processing part, makes square measure is shown in the Table 2. 

 
Table II: Cleansed Log format. 

Field Name Description 

Date The date on which the activity occurred 

Time The time the activity occurred. 

IP Address The IP address of the client that accessed the Server. 

URL The resource accessed: for example, an HTML page, a CGI program, or a script. 

User Agent The browser used on the client. 

 
Table III: PipedLog. 

Field Name Path Access Log 

CustomLog |/usr/local/server/bin/rotatelogs /var/log/access_log 86400" 

 

 Previous experiments shows that existing algorithmic doesn't turn out satisfactory results: solely some 

helpful templates are area unit made. The gap between generalization and template is that it inadequately 

focuses on too many queries and such prototype affects the accuracy ratio. The second issues are with keyword 

framing that prevents potential generalization. Third, several keywords are combined in an area unit synonyms 

(that are spelled correctly). Next is to focus on keyword generalization with one or more keywords and the 

misleading combination leads to legacy generalization of weblog templates. The results from CBFP addresses 

the issues of rule based constraint victimization of various levels and the program uses the fundamental plan of 
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frequent pattern mining using Apriori that generates templates. The results shown in Table II are the extended 

result from Table I, are the result referred from our previous work. The user accessibility and their work path 

was projected using Piped log shown in Table III. 

 Frequent pattern tree illustrates TRIE model for getting level based templates that are generalized for 

identifying longer term fascination of a user represents keyword. The resultant generalized template makes use 

of one keyword pair and that are inevitable. The first level of tree generalized template represents computer 

program and the next level shows the keyword utilization. The connections between these two levels are linked 

with pointer and its collection makes a repository where keywords are stored. Every node can be split into 

protractile techniques that store keyword and were linked with pointers of same depth. 

 The important category of net data processing addresses path traversal patterns and it will not decide on 

website request supported with mathematical correlations. Tree created on first attempt with preprocessed log 

data with higher than fore said levels. Traversal of article in tree path was in parallel supported with the data like 

time, computer program and keywords employed in user query. Every node is scanned for amount constraint 

once the data traverses supported adaptive threshold. The traversal path of every node’s θi,j (visiting ith to jth 

node level) is worth in agreement paths are incremented.  The range of articles θi,j visited ith node in jth level.  

 An ith node in jth level of agreement tree is deleted once c(θ(i,j)) <Liδ, referred as Level based  restriction. 

Confidence worthθ(i,j) exploitation θ(i,j) worth of the present node i
th

 in j
th

 agrees with the augment tree, and 

adds all θ worth of j+1th level nodes like 

 c 𝜃(𝑖, 𝑗 ) = 𝜃𝑖, 𝑗  𝜃, 𝑖 = 1,2, . . 𝑗 + 1𝑘           (1) 

 Where c(θ(i,j)) is the confidence factor that varies with the threshold value of L^δ and every node value is 

calculated as 

𝐿𝛿 ≈  c 𝜃(𝑖, 𝑗 ) = 𝜃𝑖, 𝑗  𝜃, 𝑘 = 1,2, . . 𝑗 + 1𝑘        

               (2) 

The value of threshold becomes effective by creating frequent template in parallel.  

𝐿𝛿 <  c 𝜃(𝑖, 𝑗 ) = 𝜃𝑖, 𝑗  𝜃, 𝑖 = 1,2, . . 𝑗 + 1𝑘        
                 (3) 

 The confidence and threshold value along with the node and its value are removed when no reference is 

found.  

 Rule constraint in victimization mutation issue by WordNet, Miller.G (1995) and Scheffer.T., (2004) 

handles two problems; first, keywords with different orthographies (attainable generalization) secondly, several 

keywords are synonyms (unless spelled it can’t generalized). Followed by checking leaf node on each path for 

generalization based on pointer pointing towards buckets (Buckets details the article). Every leaf has index 

structure to sort out hashing. Every article will coincide with bucket along with address link referred by hashing 

techniques. The size of bucket is directly propositional to memory results for faster access.  

 Bucket is detested or integrated once the number of keywords in it which is more or less than the value of 

threshold. The constraints are applicable for every keyword denoted as x with the repository or store make the 

presence of the keyword. It is denoted as exi shows the existence e and magnitude relation hxi, its price mxi, 

semantics issue sxi, grace amount gxi and alive issue axi. The magnitude relation hxi is accessed from the weblog 

file the helps in predicting the keyword in grace time gxi. The grace time also predicts the user behavior along 

the hxi till it expires. The flag bit value 1 and 0 indicates liveliness of the session where 1 indicates it is live and 

0 indicates it expires. Article (axi=0) exists throughout next update supported hxi and gxi. The creation of 

template txi includes user time + session time makes the mutation and makes the existence of a commentary x in 

ith bucket calculated as 

𝑒𝑥𝑖 ≈  

 𝛼ℎ𝑥𝑖+𝛽ℎ𝑥𝑖  

𝛾
, 𝑖𝑓(𝑎𝑥𝑖  = 1) ^ gx

 𝛼ℎ𝑥𝑖+𝛽ℎ𝑥𝑖  

𝛼+𝛽
, 𝑖𝑓 𝑎𝑥𝑖 = 0 gx

         (4) 

 Creation of template is inversely proportional to all the factors supported by the consensus tree.  

 α, β, γ are the threshold values justifies user’s interest. The definition of adaptive threshold has been given 

the maximum. However, the non-specific data are hard and complicated for users to line adaptive threshold for 

all web contents. If the supported values are too high, the users will not get the needed rules. Therefore, the 

users were suggested to reset the minimum threshold values and reiterate the mining process, which may or may 

not cause results of higher quality. To overcome this, we can give Associate in automatic nursing and affordable 

methodology to supply the threshold of net documents. It’s indeed to introduce the framework that supported by 

Markov chains which will be accept the threshold of every weblog content. A Markov chain could be a based on 

time factor that theoretical accounted for a collection of states’ S of its possibility occurrence.  

 The entry 𝑃𝑖 ,𝑗  within the transition probability matrix P is that the probability that succeeding state is going 

to be j, given that the current state is i. Thus, for all i, j Є S, we've got 0 ≤ Pi,j ≤ 1, and  j𝑃𝑖 ,𝑗 = 1. The adaptive 

threshold of the newly known mining model is because of the following formulae: 
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 From the above formulae, setting lower threshold for providing efficient mining was done along with 

template creation consensus to user session.  

𝑡𝑥𝑖 = 1/𝑒𝑥𝑖            (5) 

 Each article contains a pointer to header of the link list that contains keyword of user question.  

 CBFP mining formula considers each syntactical constraints and semantics constraint. The syntactical 

constraints square measures were handled by mutation issue, whereas for semantics constraints use WordNet 

Miller (1995), a price is calculated for semantics issue. Keywords are subjected to mutation method, which 

allotted with keyword exchange that is in turn noted as external mutation. Keyword (may be one or more) 

square measures are compared with the existing measures for range of various characters, i.e referred as internal 

mutation. The 2 processes will handle the issues of many keywords that having meager or complete different 

writing systems (sometimes with a minor spelling error) and therefore they are having attainable generalization. 

To support the inner and external mutation, mutation issue mxi worth is obtained. Sometimes, several keywords 

square measure are synonyms; wherever mutation method fails they can't be treated because the same for 

attainable generalization. It has a tendency to use WordNet to get a mechanical hierarchy.  

 A drag occurred is that the majority keywords have totally different senses or meanings that successively 

attain different folks within the hierarchy. It also has a tendency to adopt or used the every keyword within the 

WordNet. This WordNet is helpful in generalizing the 2 queries, that are (a) Is that the minor variations within 

the writing system of a similar keyword square measure thought to be totally different keywords and (b) Is that 

the keywords having terribly similar meanings however with different spellings.  

 

WordNet is employed as analytical tool that generalize keywords offer semantics worth: 

 mxi and sxi  are supported by node in the link list which was created by Keyword. Table 2, shows the data 

that contains preprocessed log. The range of keywords and Keyword list square measure got separated for every 

article i, which sends to mutation method. In mutation method, keyword square measures the foremost subject 

and sends to internal mutation that helps in realizing the semantics issue sxi by using WordNet Miller (1995). If 

range of keywords is over one, they're subjected to external mutation. The keywords square measure modified 

and their semantics issue sxi square measure calculated with WordNet. 

 If different keywords are correct to an extent then the result is subjected to external mutation. The order of 

the keywords square measure in external mutation was modified and their linguistics issue sxi square measure 

calculated with WordNet. for every prospects (in ordering of keywords) the linguistics issue sxi
1
, sxi

2
,sxi

3
,… 

square measure calculated and utilized in calculative mutation issue mxi for a piece of i. The mxi worth is 

calculated as 

𝑚𝑥𝑖 ≌

 
 
 

 
 
 (0.6)×𝑠𝑥𝑖 )+((0.4)×𝑠𝑥𝑖

′ 

 𝑠𝑥𝑖
′𝑗𝑗

, 𝑖𝑓(𝑠𝑥𝑖 > 𝑠𝑥𝑖
′) 

 (0.4)×𝑠𝑥𝑖 )+((0.6)×𝑠𝑥𝑖
′ 

 𝑠𝑥𝑖
′𝑗𝑗

, 𝑖𝑓 𝑠𝑥𝑖 < 𝑠𝑥𝑖
′ 

𝑠𝑥𝑖

 𝑠𝑥𝑖
′𝑗𝑗

, 𝑖𝑓(𝑠𝑥𝑖 = 𝑠𝑥𝑖
′) ∨ (𝑠𝑥𝑖

′ < 0)

          (6) 

 When calculating the probability for template measure based on user external mutation, the sxi square 

measure for every semantic issue was calculated based on the formulae 

𝑡𝑥𝑖 = 1/𝑚𝑥𝑖 ≌

 
 
 

 
 
 (0.5)×𝑠𝑥𝑖 )+((0.4)×𝑠𝑥𝑖

′ 

 𝑠𝑥𝑖
′𝑗𝑗

, 𝑖𝑓(𝑠𝑥𝑖 > 𝑠𝑥𝑖
′) 

 (0.4)×𝑠𝑥𝑖 )+((0.5)×𝑠𝑥𝑖
′ 

 𝑠𝑥𝑖
′𝑗𝑗

, 𝑖𝑓 𝑠𝑥𝑖 < 𝑠𝑥𝑖
′ 

𝑠𝑥𝑖

 𝑠𝑥𝑖
′𝑗𝑗

, 𝑖𝑓(𝑠𝑥𝑖 = 𝑠𝑥𝑖
′) ∨ (𝑠𝑥𝑖

′ < 0)

                                                                                          (7) 

 The lowest probability score was set between the ranges of 0.5 to 0.4 instead of 0.6 to 0.4. The difference in 

semantic value reduced to 0.1 is due to the implementation of templates based on user session and the semantic 

value. The value of mutation is left unaffected by creating templates for every keyword search which has similar 

meaning. This process helps in retrieving the keyword in the form of consensus tree based on TRIE structure. 

The retrieving process is enormously fast that comes with the mutation process. Hence the template generation 

process is inversely proportional to the mutation process that show in the equation 7. 

 The generalized template model based on mutation process is generated by CBFP mining algorithmic 

program with no heritable exploitation consecutive scan on all leaf nodes of the consensus tree that helps in 

raising the performance of the program. The exactness and the coverage of the generalized templates are 

revealed in pattern analysis section. Accuracy and coverage are two major criteria for evaluating such a model. 

Pattern analysis always uses accuracy as an element to gauge model or pattern obtained. Coverage (Cx) is a 

range of novel user queries that are properly lined (or predicted) by the developed model and Accuracies are the 

proportion of queries that are properly lined. Δx represents the range of queries that incorrectly lined by a model 

(when users clicked a special article) then  

𝐴 ≈  ΣxCx / Σx (Cx + Δx)            (8)  
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 The groups of keywords taken from the weblog file are arranged in the form of template and thus provide 

the solution for the list of identical keywords. CBFP mining algorithmic program sets the rule based constraint 

on tree level uses reverse procedure as stated in the work of Lee and DeRaedt(2004). A model the most covered 

is chosen with the maximum threshold and hence the accuracy is achieved. The procedure is repeated until no 

new template is created for the keywords that are derived from the existing web log file. This helps the search 

engine to see through the user and their key search area interest and finally the keyword traceability is increased 

in the search process.   

RESULTS AND ANALYSIS 

 

 The weblog information along with piped log and internet related data will be collected from the systems 

(client, server, proxy, etc…) involved in this process. The proxy system works in the   intermediate level of 

cache and might not scale back the page reload time of the systems in contrast with the network traffic as 

reflects the work of Cohen (1995, 1998). 

 In order to predict the page request the proxy system and its cache hits were used. The trace file generated 

based on cache hits identifies particular hypertext transfer protocol and handles its requests properly. The trace 

file could reveal the particular hypertext transfer protocol handles multiple requests that come from varied users 

and servers. 

 All the proxy information was taken from the internet information server (IIS) that helps in gaggling the 

user behavior.  The course of this work in which diversified data was taken from the local server for accessing 

the cache information that was stored as the process of user accessing internet on the system. As the data 

received was varied in size and it was made as a unanimous size by the cache. The success and failure of the 

cache hit was assumed with the hit and miss proportionate.  Among the total request processed by the user a hit 

is the magnitude relation formulated by the proxies that are varied in different file size. The algorithm handles 

different cache size and its dimension is represented as the overall variety of data sizes accessed from the dairy 

data sets examined by Imran Sarwar (2011) in their work for processing large data sets Imran Sarwar (2011).  

 The two day resultant files of internet information server were collected along with the processed time 

ensures the pre log information was processed to achieve the results. The template was created as the result 

using CBFP mining algorithm involves varies level of standards and maximum keywords. The weblog 

information stores all these information and that helps in creating generalized template involving almost every 

article and its keywords. 

 In continuation the process of IIS log files for retrieving templates based on keyword, the raised queries 

were dealt with log and piped log file.  

 Pattern analysis tests however effectively evaluate those templates facilitate and to enhance the program 

performance. It has the tendency to take a look at the template created from the search progress mechanism. The 

tendency of the algorithmic rule with generated logs includes piped weblogs information to foresee the template 

created with generalized keywords. Also to live with the testing queries that square measure of the templates 

will get rid of drawback arise from mistreatment templates. CBFP mining algorithmic rules will foresee the 

templates, with those queries that focus on square measure constant, using optimum ratio. It also has the 

tendency to obtained higher result calibration to improvise search result, which produces optimum result. The 

algorithm runs with optimum preciseness that increases overall performance improving optimum recall. 

Considering the fact for evaluating template that are generated for predicting keywords based on different types 

of dynamic queries the resultant templates will predict the keyword that works with the algorithm standard and 

thus constructs Constraint Based Frequent pattern tree. The algorithm will guide all the way for creating 

template that adapts to the algorithm rule and its induction method will crop the search portion by deleting with 

care that they will not have an effect on the prognosticative accuracy. 

 The from Fig 2 to 8 shows the comparison of Consensus Tree with CBFP in terms of nodes, its execution 

time, space requirement based on leaf and non-leaf node, its accuracy, its usefulness and confidence level. 

 The evaluated algorithm adds specific enormous conditions will tend to disagree from Quinlan (1993) and 

Cohen (1998). While not incorporating information, as in Han (2000) and David (2008), the proposed work 

victimizes the different level of tree evaluated from CBFP tree for all the templates generated using rule mining 

and its induction compared with Kamber (1997) were proposed produced optimum result. Victimization the 

WordNet for its issues will tend to cut back the spatiality for the keyword quantity, by reducing the quantity of 

the way in expressing the idea in terms of replacement, stemming and conflation Frakes.W.B(1992) cluster 

generation or automatic thesauri Rasmussen (1992) and Latent semantic assortment Deerwester.S (1990) and 

MaristellaAgosti (2007). The algorithmic mining rule could be higher in memory utilization in trade off to 

Heung Ki Lee (2009).  

 The performance comparison of consensus tree with CBFP is illustrated clearly in the above graph. The 

growth rate of data application in both the case highlights that effective performance of CBFP. The public sector 

webpage is the main source of data collection in this study. The best performance of web application becomes 

the outcome when it is established through the key word using CBFP. Following the generation of template 
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keeping the best possible key word as the base, it is finally compared with another algorithm wherein CBFP's 

performance is better. The level of accuracy is then focused keeping the number of cache hits and utility of 

positive impact of CBFP as an indicator while comparison is made with other four algorithms. Such approach 

eliminates irrelevant generation of keyword and paves way to a fully-fledged template generation. In addition, 

when performance involves long transaction a better template with FP growth is witnessed. Further, predefined 

delay in keyword retrieval from the template is also eliminated. 

 

 
 

Fig. 1: The process of mining algorithm. 

 

 
 

Fig. 2: Maximum nodes created using Consensus Tree and CBFP comparison. 

 

 
 

Fig. 3: Execution time of Consensus Tree and CBFP in proposition with Max Nodes. 

 
 

Fig. 4: Space requirement for leaf node using consensus tree and CBFP. 
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Fig. 5: Space requirement for non-leaf node using consensus tree and CBFP. 

 

 
 

Fig. 6: Number of Article with maximum retrieval using consensus tree and CBFP. 

 

 
 

Fig. 7: Accuracy level comparison and cache hits comparison. 

 

 
 

Fig. 8: CBFP comparison based on its usefulness and confidence level. 

 

Conclusion: 

 In this paper we tend to explore templates with the induction rule mining using CBFP that creates patterns. 

The time is set aside for the search engine for making anonymous search process in searching for the junk 

keyword. Further such process will be repeated for the same keyword that was processed earlier. In order to 

avoid all such issues, the concept of CBFP is introduced and this will avoid the unnecessary delay that happens 

during the search process. The keywords are generalized in the form of templates using similar keywords and 

the positions of the keywords are also stored. Such initiatives will increase the search engine throughput and 

make trustable and productive search where the result will be always optimum. The concept of hit rate was also 

introduced along with generalized template created using CBFP mechanism. Despite the heavy net traffic and 

data load, the proposed system works efficient in all grounds. In continuation the extension of this work is to 
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introduce the concept of dynamism that will help in automatic update of keyword into the template when the 

search process is initiated by the user.  
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